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Epoch Dataset Accuracy
800 ImageNet 75.31
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F 2. AYQFY HE WE BT

Curi-DINO | Curi-DINO
DINO /0.3 /0.2
Top-1 71.26 73.76 73.97
Top-5 90.58 91.75 91.86

DINO/0.3 ¥ Curi-DINO/0.2 F E& 7F 0.21% S
ol & Roled ole AFH ¢
2o o|u A& gHgEle] oy EAE sAse Bl
HoH addes 2 4 9k
7]¥ DINO + 100 ®¥le] d2 ut&y F2 3t5S shd
Z719 ol AA7F EFE A g olu|A| 7} MEE o]
As Azt ol whd Aow ruEe &
o
%

oJulARE Fe ouAR FAHoR HH] HE
100 Wel W SloR A 2.7% e A5S o
sgch.

v.d &

71 DINO &= ol#] ¢ A7]E 5% 40% Atel
TR At Shad AR 7= FAS] e
A5 obrd AAZE EFHA ke wmolz=7 AddEo]
L EE old FAE s sl
ZHAA fe vk R =gl A

ojMARE  ojHE  ojvA=

X, 1o
off 1
o ok
N
)
ok g
S
2

ro, [‘H‘m
g P
9,

(
I~

il
BN
ro ¥

2
=
2l
o
12 N
o=
> 2 e
z B g
@ z e
i
o 5
2
oo
]

(<0

oL

X

O r_)L
o
i
ol mlo
2
Og‘;,"
:(I)lzg

2B

off 2 o ft 1 riz
ooy N
SN
(o}
1 E
~
=

ox i L L

t
o -
)
2o

ACKNOWLEDGMENT

of AT ARGHIIEAREADY  Adoz
dRATALY] A9S wob FAY  ATU(No.RS-2023-
00212484, 845 44 FABFAN AP 5H 249
o),

A1 EF

[1] Canziani, Alfredo, Adam Paszke, and Eugenio Culurciello.
"An analysis of deep neural network models for practical
applications." arXiv preprint arXiv:1605.07678 (2016).

[2] Li, Chunyuan, et al. "Efficient self-supervised vision
transformers for representation learning." arXiv preprint
arXiv:2106.09785 (2021).

[3] Bengio, Yoshua, et al. "Curriculum learning." Proceedings of
the 26th annual international conference on machine
learning. 2009.

[4] Nilsback, Maria-Elena, and Andrew Zisserman. "Automated
flower classification over a large number of classes." 2008
Sixth Indian Conference on Computer Vision, Graphics &
Image Processing. IEEE, 2008.

[5] Lin, Tsung-Yi, et al. "Microsoft coco: Common objects in
context." Computer Vision—-ECCV 2014: 13th European
Conference, Zurich, Switzerland, September 6-12, 2014,
Proceedings, Part V 13. Springer International Publishing,
2014.



